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Abstract

Theoretical background: Value investing is one of the most popular investing approaches. In their frame,
there could be a high B/M investing strategy identified. F-Score, developed by Piotroski, is a scoring
model applied to the sample of high B/M entities. Its purpose is to select companies with strong financial
foundations and buy their shares for the investment portfolio to generate positive market-adjusted returns
in the following periods. The effectiveness of this model was mostly empirically confirmed, especially
regarding developed markets.

Purpose of the article: The main aim of the paper was to build F-Score-like models based on the data
from the Polish stock market. The main hypothesis concerned the higher effectiveness of such models than
F-Score, as the specificity of a given market should result in a better fit to the data.

Research methods: Building of the models based on the discriminant analysis and formation of the in-
vestment portfolios based on the indications of these models as well as F-Score. Finally, backtesting of the
portfolios built to assess their effectiveness. The sample covered most of the Polish-listed companies. The
period taken into account was 2012-2022.

Main findings: Models built (X-Score and Y-Score) were less efficient than F-Score. Moreover, they led
to generating negative rates of return (both raw and market-adjusted). On the other hand, using of F-Score
for the analyzed period seems to be purposeful due to the 1.35% mean annual market-adjusted return gen-


mailto:bpilch98@gmail.com

156 BARTLOMIEJ PILCH

erated. Apart from the scoring models analyzed, the research partially confirmed the advisability of using
a high B/M investing strategy. Generally, the results obtained are in line with the findings of most of other
authors — regarding the F-Score effectiveness. However, an approach based on Mohanram’s idea — using
the differences between absolute values of a given variable and median from the sample — proved to be
inadequate in the Polish stock market.

Introduction

There are many different approaches to investing applied by investors. One of the
most popular ones is value investing, including a high B/M (book-to-market ratio, the
relation of the company’s book value to its market value) strategy. F-Score, a model
developed by Piotroski (2000), is a tool for value investors, mostly used for developed
markets, for instance, the United States of America (Mohr, 2012; Safdar, 2016), the
United Kingdom (Rathjens & Schellhove, 2011), Australia (Hyde, 2016), Germany
(Patéri, 2017), or Japan (Noma, 2010). However, this model is uncommonly recognized
in emerging stock markets. Therefore, it was decided to analyze that model and its
effectiveness on the example of the Polish stock market (an emerging market that was
analyzed in terms of F-Score only regarding the sample of the largest entities) and build
F-Score-like models, particularly better fit to the specificity of the domestic market.

The aim of the paper is to build F-Score-like models based on data from the Pol-
ish stock market. The purposefulness of modifying the F-Score or building models
similar to Piotroski’s model has already been noted by Mohanram (2005) and Nast
(2017) — they pointed out, i.a., the instability of the results obtained by Piotroski
(investment efficiency of the portfolios built in line with F-Score scoring) over time
and space (taking into account markets other than the American one). Therefore, it
was decided to attempt to build models based on a relatively large sample of com-
panies from Poland, as an emerging market (that significantly differs from the US
market, for instance, in terms of the ratio of stock market size to GDP, the share of
dividend companies in the market, the level of transactional costs, etc.). Moreover,
as the selection of companies to the investment portfolio (portfolio choice) is still an
open issue (Puerto et al., 2020), developing such models can be generally seen as an
attempt to create tools that are useful to investors, yet fairly simple to use.

Empirical research was designed in the following way — firstly, X-Score and
Y-Score (models developed in the paper) were built, based on the discriminant
analysis.! Then, the investment portfolios were constructed — they included shares of
companies selected based on a scoring of developed models. Finally, the historical
performance of the portfolios was tested and compared with F-Score-based results.

The research sample comprises of 225 companies listed on the Warsaw Stock
Exchange (20% of entities with the highest B/M values in a given year were chosen,

' For the modelling purposes, there were used both variables included in Piotroski’s paper and other
indicators commonly used in the financial analysis.
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in line with Piotroski’s approach). The period under analysis was 2012-2022. The
financial data (both book and market) was obtained from the Orbis database.

Section 1 is focused on the overview of the high B/M investing strategy, the
F-Score model, and the previous papers aimed at the verification of its effectiveness
as well as F-Score modifications. Section 2 is related to the design of the empirical
research, which is presented in section 3. Section 4 comprises a discussion, while
section 5 — conclusions.

Literature review

Among investment strategies to be applied on the stock markets, there are often
listed technical and fundamental analyses, which might be divided into value in-
vesting and growth investing. The general rule of the fundamental analysis is in line
with Graham and Dodd’s approach, which stated that the investing process should be
focused on the identification of entities whose intrinsic value, based on their economic
foundations, exceeds the market price at a given moment (Graham & Dodd, 1934).

Value investing was supported, inter alia, by Fama and French (1992) and La-
konishok et al. (1994), who explained the advantage of value investing over growth
investing by behavioral factors. Fisher’s approach was noticeably different —accord-
ing to him, growth entities (characterized by a greater growth potential but also higher
risk) were more favorable than value companies (Fisher, 1958). As there was no
unified approach to value and growth investing, the papers aimed at the comparison
of their effectiveness were developed. For instance, a systematic literature review
focused on studies from the period 2007-2017 showed a partial reconciliation of
the results of the research taken into account with the conclusions of value investing
proponents, while the growth investing was not supported (Battisti et al., 2019). On
the other hand, according, inter alia, to Perez (2018) and Hedau (2020), value in-
vesting did not lead to the outperformance of growth investing. Such heterogeneity
confirms the purposefulness of research in this field.

Among value investing strategies, it could be mentioned, inter alia, high B/M
strategy that is focused on the selection of entities with the lowest ratios of book to
market values. As such a strategy is a foundation of the F-Score model, it is essential
to refer to it.

High B/M strategy

High B/M strategy concerned the ratio of book and market values of shares of
a given entity. Companies with a B/M lower than 1 are usually considered underval-
ued. It is usually assumed that the market value of the vast majority of listed com-
panies exceeds their book values. However, according to Barth et al. (2022), there
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were ca. 30% of undervalued entities (with B/M above 1), so the group of entities
to which this strategy might be applied is quite numerous.

The purposefulness of selecting undervalued entities was pointed out by Gra-
ham and Dodd (1934), as mentioned above. The initial empirical confirmations of
high B/M strategy effectiveness were made by Stattman (1980) and Rosenberg et
al. (1985), based on the situation of the American stock market. Such a strategy was
also supported by Fama and French (1992), who stated that lower-capitalized entities
with minor B/M values generated on average higher yields than other companies.
Therefore, it was purposeful to select undervalued entities for the investment port-
folio. Also according to Chan et al. (1991), an investment portfolio consisting of
stocks of high B/M entities noticeably outperformed the other ones.

The arguments of high B/M investing strategy proponents were empirically
confirmed, inter alia, on the examples of South Africa (Auret & Sinclaire, 20006),
Australia (O’Brien et al., 2010), Brazil (da Cunha Aratijo & Veras Machado, 2018),
Indonesia (Fahreza & Rizkianto, 2021), and United States of America (Barth et al.,
2022). Based on these research, a high B/M investing strategy was considered effec-
tive both in the cases of value-weighted and equally-weighted portfolios. However,
the correlation between B/M and future yields was rather moderate. On the other
hand, the strategy was not supported, inter alia, by Syzdykov (2021).

Piotroski’s model

F-Score is considered as a scoring empirical model related to the high B/M
strategy, used particularly by value investors. It was developed in 2000, however,
its recognizability significantly increased after the occurrence of the global financial
crisis. According to the American Association of Individual Investors, the usage of
F-Score led to generating yields above 30%, while other investing strategies analyzed
resulted in generating losses (Comparic, 2017). The financial ratios constituting the
F-Score model are presented in Table 1.

Table 1. Variables of F-Score model

Variable Formula
ROA Net income, — extraordinary operations balance,
Total assets at the beginning of a period,
Net operating cash flows
CFO — -
Total assets at the beginning of a period,
AROA ROA, — ROA_,
AACCRUAL (ROA — CFO), — (ROA — CFO0)_,
( Total liabilities ) ( Total liabilities )
ALEVER Average total assets/,  \Average total assets/ _;
ALI D ( Current assets ) ( Current assets )
QU Current liabilities/,  \Current liabilities/;_;
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Variable Formula
1 for no issue of ordinary shares in a given period
EQ_OFFER { fssul inary shares In a given pert
_ 0 otherwise
Gross margin Gross margin
AMARGIN ( ) -( )
Sales revenues/ Sales revenues/_;
Sales revenues Sales revenues
ATURN ( e —) - ( e =)
Total assets at the beginning of a period/,  \Total assets at the beginning of a period/,_,

Source: Author’s own study based on (Piotroski, 2000).

ROA, CFO, AROA, AACCRUAL relate to profitability, ALEVER, ALIQUID and
EQ_OFFER to liquidity and financial leverage, while AMARGIN and ATURN - to
the operating efficiency. AACCRUAL, ALEVER and EQ_OFFER are destimulants
(their positive values are recognized with 0 scoring, while negative values — with 1
point) and other variables — stimulants. The final scoring of the F-Score for a given
company is a sum of values for individual variables (0 or 1). Entities with the scoring
of 8-9 points are selected for the investment portfolio (Piotroski, 2000).

The empirical verification of F-Score’s effectiveness by Piotroski showed that the
mean annual market-adjusted return was 10.6%, taking a long position in shares of
entities with F-Score not less than 5 (strong F-Score) and a short position regarding
companies with scoring below 5 (weak F-Score). There was also a difference of 9.7
p.p. in favor of strong F-Score entities pointed out by the author (Piotroski, 2000).

It is worth noting that F-Score model applications include also, inter alia, its
use as a benchmarking model for the synthetic assessment of the financial condition
of public entities (Hamilton, 2013; Asmadi et al., 2021). This construct is also used
as a prediction bankruptcy model — such an approach was applied, for instance, by
Agrawal (2015) on the example of Indian entities and by Rahman et al. (2021) based
on American public companies. Both studies indicated the purposefulness of using
the F-Score model as a bankruptcy prediction construct, however, its effectiveness
was lower than models built with the usage of F-Score’s variables (Rahman et al.,
2021). The advisability of using F-Score as a bankruptcy prediction model was also
indicated by Korir (2019).

Assessment of F-Score-type models efficiency

Many studies, especially based on the situation of developed stock markets,
aimed at the assessment of the purposefulness of using F-Score. In general, the
effectiveness of this model was empirically confirmed on the examples of Japan
(Noma, 2010), the United Kingdom (Rathjens & Schellhove, 2011), the United
States of America (Mohr, 2012; Krauss et al., 2015; Safdar, 2016; Turtle & Wang,
2017), several emerging markets (Hyde, 2013), India (Singh & Kaur, 2014; Tripathy
& Pani, 2017), South Africa (Oyebode, 2016), Australia (Hyde, 2016), Germany
(Pitiri, 2017), several European markets (Tikkanen & Aijo, 2018), Spain (Forner
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& Vazquez Veira, 2018), set of emerging and developed stock markets (Walkshéusl,
2020). The comparisons of several investment strategies prepared, inter alia, by
Almas and Duque (2008), Sareewiwatthana and Janin (2017) and Brindelid and
Nilsson (2021) also show the effectiveness of the F-Score model (in some cases it
was considered the most efficient from all analyzed models).

From the perspective of this research, it is essential to take into account the
results of analyses aimed at the Polish stock market. The verification of F-Score
was not a common subject of the research recently. However, some empirical in-
sights were provided based on the papers focused on the relatively small samples.
Kusowska (2021) took into account companies listed on WIG30 (30 largest Polish
public companies). The research showed that use of Piotroski’s model was justified
during the period of 2014-2020, as high F-Score shares noticeably outperformed
the whole portfolio of entities analyzed. However, it is worth noting that the period
under review was significantly affected by the pandemic situation. Therefore, rates
of return generated from all of the strategies analyzed were significantly negative,
but while passive investing in the WIG30 index would result in the generation of
a -40.8% loss, investing according to Piotroski’s strategy to led to generating a loss
of 37.3% (Kusowska, 2021).

Another attempt to verify the effectiveness of F-Score use based on the Polish
market was made by Pilch (2021). His research concerned the period 2018-2020
and the set of entities from two industries — IT and video games. The results of this
analysis were in line with the previously mentioned findings — an F-Score-based
strategy led to generating rates of return at the level exceeding the benchmark — by
0.3 p.p.in 2018, 27.0 p.p. in 2019 and 48.5 p.p. in 2020. However, the results might
be significantly affected by the choice of industries that are considered high-risky and
even gain benefits from the COVID-related situation. Based on the above examples
of research, it can be stated that no studies have been conducted in the case of a large
group of Polish companies so far.

F-Score modifications

Despite the relatively high efficiency of F-Score, as indicated above, there have
been created several modifications of this model. These include, inter alia, G-Score,
FS-Score, Piotroski Trfm, NF-Score, and B-Score. Piotroski Trfm and NF-Score were
built using an exact set of variables as in the original Piotroski’s research. Trfm uses
6 out of 9 financial indicators used by Piotroski, but with a reverse scoring regarding
two of them (Nast, 2017). NF-Score is a neural model built using all 9 fundamental
signals developed in F-Score (Gimeno et al., 2019). There is also a great similarity
between F-Score and FS-Score — the differences between these models concerned
free cash flow instead of operating cash flows and the difference between the num-
ber of own shares repurchased and shares issued instead of taking into account only
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the number of shares issued (Gray, 2015). G-Score uses only 3 variables (all from
the profitability area) common with F-Score and 5 other indicators (relating to the
profitability variance, sales dynamics, expenses on R&D and advertising, and capital
expenditures). It is worth noting that scoring in G-Score was based on a comparison
of the values for a given entity with medians from its industry (Mohanram, 2005).
B-Score is a model developed for banks, therefore, their variables significantly dif-
fer from those included in F-Score, however, its form relates to Piotroski’s model
(Mohanram, 2017). As there were developed many F-Score-type models, it could be
considered the manifestation of the belief that the F-Score can be improved, which
applies also to this paper.

Research methods

The empirical research is focused on a comparison of the performance of invest-
ment portfolios built based on X-Score and Y-Score (scoring models developed) and
F-Score. X-Score and Y-Score were built from the variables that were selected based
on discriminant analysis and mutual correlations. In the discriminant analysis, the
value of the endogenous variable was set at 1, while the rate of return from shares
of a given company in the year starting 6 months after the balance sheet date was
positive — it applies to X-Score — or outperformed the Warsaw Stock Index (WIG) —
regarding Y-Score —and 0 otherwise. For instance, rates of return for a year starting
in six months after the fiscal date k refer to the financials from the fiscal year & (a year
ending in k). Thus, yields for 1 July 2021 — 30 June 2022 (named “2022” further)
were referred to the financials from 2020 (for income statement-based variables)
and as of 31 December 2020 (for balance sheet-based variables), etc. 0 and rate of
return from WIG were used as benchmarks, as mentioned above.

Individual variables were chosen based on such a procedure. There were also cor-
relations between them analyzed to avoid the collinearity issue. X-Score and Y-Score
consisted of variables selected based on discriminant analysis and correlations. These
variables have an equal impact on the total models scoring (beta coefficients are 1 for
each case). Shares of entities with high total scoring were chosen to the investment
portfolios. Their effectiveness was assessed by using the backtesting method — the
building of the portfolios based on historical data and calculating generated yields
for past periods.

The main hypothesis (HO) assumes higher efficiency of X-Score and Y-Score
than F-Score (assuming positive yields generated with using of both models).

The supporting hypotheses, developed based on the literature review and em-
pirical research frame, are as follows:

H1: The differences between the distribution of the values of F-Score and X-Score
and Y-Score are statistically significant.
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H2: Most of the entities selected for the investment portfolio by F-Score gen-
erated positive yields.

H3: Most of the entities selected for the investment portfolio by X-Score and
Y-Score generated positive returns.

H4: Yields of entities with higher scoring (according to F-Score) outperformed
rates of return of low-scoring companies.

HS5: Yields of entities with higher scoring (according to X-Score and Y-Score)
outperformed rates of return of low-scoring companies.

H6: F-Score led to generating positive market-adjusted yields in total.

H7: X-Score and Y-Score on the example of the Polish stock market led to gen-
erating positive market-adjusted yields in total.

HI relates to the independence of the assessment of the individual companies
by models developed and F-Score. The very similar distributions of X-Score and
Y-Score values in relation to the F-Score could suggest a lack of purposefulness of
using developed models — then the use of the F-Score would be sufficient. H2 and
H3 concerned the riskiness of the models — assuming a simple diversification (with
a similar number of entities chosen to the investment portfolios in each year), lack
of confirmation of these hypotheses leads to generating losses on the investment
portfolios. H4 and H5 refer to the essence of scoring models analyzed — companies
with a higher scoring should generate higher returns, otherwise, the models on which
the strategies are based could be not useful. H6 and H7 concerned the verification
whether it was more appropriate to invest in line with the models developed and
F-Score or passively invest in a main stock market index (what was supported, for
instance, by Chlebisz [2018] or Daniluk [2019]) without preparing time-consuming
investment analyzes (calculating the values of models, selecting companies for the
portfolios, etc.).

The supporting hypotheses (from the introduction) are to be validated in the fol-
lowing stages of the empirical research: H1 — comparison of histograms of F-Score
and X-Score and Y-Score, H2 and H3 — analysis of descriptive statistics of yields of
entities selected by the models, H4 and H5 — analysis of the association of scoring
of given models and mean yields, H6 and H7 — backtesting of investment portfolios
built.

Sample

The initial sample consists of 772 listed companies, from which 98 were excluded
(as they operate in the financial industry — their financial statements are built differ-
ently and are not fully comparable). The following entities (out of 674 companies)
were also removed from the sample:

— companies in the ongoing bankruptcy or restructuring processes,

— companies that debuted on the Warsaw Stock Exchange in 2021 or 2022,
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— companies with no sufficient financial data.

From a set of entities created in that way, there were chosen companies with the
highest B/M (20% of the total sample, in line with Piotroski’s approach) in a given
year. The breakdown of the final sample by industry is presented in Table 2.

Table 2. Sample breakdown by industry

NACE Industry name No. of entities Share
code Sample Cases Sample Cases
C  |Manufacturing 64 264 28.4% 30.2%
G Wholesale and retail trade 35 134 15.6% 15.3%
M  |Professional, scientific and technical activities 22 70 9.8% 8.0%
J Information and communication 21 71 9.3% 8.1%
F Construction 17 60 7.6% 6.9%
L Real estate activities 16 56 7.1% 6.4%
b Electricity, gas, steam and air conditioning 12 69 539, 7.9%
supply

N Administrative and support service activities 7 14 3.1% 1.6%
B Mining and quarrying 6 29 2.7% 3.3%
S Other service activities 6 37 2.7% 4.2%
— Other industries 19 69 8.4% 7.9%
Total 225 873 100.0% 100.0%

Source: Author’s own study based on the data from Orbis database.

Table 2 includes entities that were among the highest B/M companies either
once or several times. Therefore, the share of entities in the sample and by cases
significantly differ — for instance, a random manufacturing company selected for the
final sample occurred 4.13 times on average, while for wholesale and retail trade
companies it was 3.83.

As it can be seen, there is a significant share of manufacturing entities among all
the analyzed. There are also several industries with a 5-10% share in the final sample.
Generally, the differentiation of the number of companies by individual industries seems
to be quite noticeable. However, the breakdown of companies by industry by cases
is similar to the distribution in the initial sample — for example, there were 14.9% of
wholesale and retail trade entities among 672 companies listed on the Warsaw Stock
Exchange and their share by cases is 15.3%. Therefore, it seems that sample breakdown
by industry did not noticeably affect the results of the empirical research.

Variables

The list of variables used is presented in Table 3. A significant part of them is
based on Piotroski’s approach. However, there were, inter alia, also other variables
relating to profitability, liquidity, and debt (as major areas of the financial analysis)
included.
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Table 3. List of exogenous variables included in the research

Variable Formula Area
R ROA = Net income — extraordinary operations balance
eturn on assets - Total assets at the beginning of a period
R . ROE = Net income — extraordinary operations balance
eturn on equity - Equity at the beginning of a period
Net income — extraordinary operations balance
Return on sales ROS =
Sales revenues
o . ROA? OROA = EBIT — extraordinary operations balance
perating " Total assets at the beginning of a period
. EBIT — extraordinary operations balance Profitability,
Operating ROE OROE = - — - s
Equity at the beginning of a period operating
. EBIT — extraordinary operations balance efficienc
Operating ROS OROS = Y op Y
Sales revenues
. Gross margin
Gross margin on sales MARGIN = —————
Sales revenues
Sal . TURN = Sales revenues
ales turnover ratio "~ Total assets at the beginning of a period
R . hil CFO = Net operating cash flows
eturn on operating cash tlows "~ Total assets at the beginning of a period
Relationship between ROA and CFO ACCRUAL = ROA — CFO
. Current assets
Current ratio LIQUID = ——————
Current liabilities .
- Liquidity
ick ratio QR = Current assets — inventory
Quic Current liabilities
X Total liabilities
Total debt ratio LEVER = ———
Total assets
. Short — term liabilities
Current debt ratio CDR=——i—————— Debt
Total assets
. Long — term liabilities
Long-term debt ratio LDR = 216 — “erin TabITes
Total assets
Natural logarithm of sales LNS = In(sales revenues) Entity si
Natural logarithm of assets LNA = In(total assets at the beginning of the period) ntty size
1 for no issue of ordinary shares in a given period | Equit
Issue of shares EQ_OFFER = { y sh: given p quity
0 otherwise dilution

Source: Author’s own study based on (Piotroski, 2000; Sierpinska & Jachna, 2007; Hyde, 2016).

ROA, MARGIN, TURN, CFO, ACCRUAL, LIQUID, LEVER, and EQ_OFFER
were chosen based on Piotroski’s (2000) research. ROE and ROS are variables com-
monly used to assess the company’s profitability, QR — liquidity, CDR and LDR —
relative level of debt (i.a. Sierpinska & Jachna, 2007; Subramanyam, 2014; Pluskota
etal., 2020). Operating ROA, ROE and ROS are used as ratios measuring operating
profitability (Wawryszuk-Misztal, 2015; Jaworski & Czerwonka, 2017). LNS and
LNA, variables related to the entity size, were selected in accordance with Hyde
(2016), who stated that F-Score was more effective on the example of small entities.

Apart from the variables listed in Table 3, there were also their annual changes
taken into account (similarly to ROA and AROA in the F-Score model)® — except the

2 EBIT (earnings before interests and taxes) used as a measure of operating income.
3 ATDR is equal to ALEVER.
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EQ OFFER variable, due to its nature. The variables analyzed do not have a normal
distribution (based on Shapiro—Wilk and Jarque—Bera tests), which is typical for
financial ratios or stock market data.

The calculation of the values of variables was based on the data from the Orbis
database (https:\\orbis.bvdinfo.com). It was done using MS Excel, as well as the
portfolios assessment. Discriminant analysis was conducted using Statistica software.

Results

The empirical research was divided into the following steps: construction of
F-Score-type models consisting of variables listed in the previous section and in-
vestment portfolios’ building using the X-Score, Y-Score, and F-Score. The final
part concerned backtesting — the assessment of historical yields of portfolios built.

Building of F-Score-type models

The variables to be included in models were chosen based, inter alia, on partial
Wilks’ lambda — a measure used in discriminant analysis to separate different groups
due to the different values of an endogenous variable (rates of return in the frame of
this research). The higher the partial lambda is, the lower the discriminatory power
of a given variable. Therefore, it is purposeful to choose financial ratios with the
lowest values (generally, this measure’s value range is 0—1). Partial Wilks’ lambda
values for variables included in the research are shown in Table 4.

Table 4. Partial Wilks’ lambda for variables*

. Benchmark = 0 Benchmark = WIG
Variable - -
A p-value Sign A p-value Sign
ROA 0.9983 0.2301 + 1.0000 0.9240 +
AROA 0.9996 0.5408 + 0.9997 0.6360 +
ROE 0.9981 0.2034 + 0.9999 0.8004 +
AROE 0.9989 0.3337 + 0.9998 0.6844 +
ROS 0.9970 0.1091 + 0.9999 0.7322 +
AROS 0.9981 0.2015 + 0.9999 0.7690 +
OROA 0.9977 0.1602 + 1.0000 0.9919 +
AOROA 1.0000 0.9647 + 0.9999 0.7857 +
OROE 0.9992 0.4093 + 1.0000 0.8710 +
AOROE 0.9998 0.6850 + 1.0000 0.9548 +
OROS 0.9962 0.0688 + 0.9996 0.5553 +
AOROS 0.9965 0.0819 + 0.9996 0.5433 +
MARGIN 0.9941 0.0231 + 0.9996 0.5535 +

4 Bold lambda values are statistically significant at p < 0.10.
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. Benchmark = 0 Benchmark = WIG
Variable - -
A p-value Sign A p-value Sign
AMARGIN 0.9956 0.0503 + 0.9998 0.6722 +
TURN 0.9996 0.5646 - 0.9994 0.4688 -
ATURN 0.9990 0.3614 + 0.9999 0.7818 +
CFO 0.9999 0.7269 + 0.9992 0.4138 +
ACFO 0.9990 0.3574 - 0.9999 0.7908 -
ACCRUAL 1.0000 0.8730 - 0.9997 0.6327 -
AACCRUAL 0.9990 0.3577 + 0.9997 0.6287 +
LIQUID 1.0000 0.8804 + 0.9921 0.0089 +
ALIQUID 1.0000 0.8510 + 0.9918 0.0076 +
QR 0.9998 0.7045 + 0.9921 0.0088 +
AQR 1.0000 0.9347 + 0.9919 0.0080 +
LEVER 0.9999 0.7632 + 0.9993 0.4319 +
ALEVER 0.9987 0.2903 - 0.9996 0.5796 -
CDR 0.9975 0.1387 - 1.0000 0.9619 -
ACDR 0.9996 0.5383 — 0.9998 0.6850 —
LDR 0.9925 0.0109 - 0.9985 0.2494 -
ALDR 0.9991 0.3848 + 0.9999 0.7951 +
LNS 0.9999 0.8082 - 0.9841 0.0002 -
ALNS 0.9994 0.4685 + 0.9987 0.2944 +
LNA 0.9981 0.1934 — 0.9983 0.2192 —
ALNA 1.0000 0.8938 - 0.9997 0.6183 -
EQ OFFER 0.9993 0.4257 + 0.9990 0.3570 +

“Sign” —a sign of the coefficient for a given variable (“+” means that higher absolute values of a given variable indicate
a value of 1 (returns above the benchmark) of the explained variable in the discriminant analysis, etc.).
Source: Author’s own study based on the data from Orbis database.

As can be seen in Table 4, Wilks’ lambdas are relatively high, but they are sta-
tistically significant in some cases. A set of variables for a given model was finally
selected based on Wilks’ lambdas as well as mutual correlations between variables®
(to avoid the problem of collinearity). Please note that the correlation matrix for
a set of variables was presented in the Appendix due to its size. Finally, there were
chosen ROE, AROS, AMARGIN, TURN, CFO, AACCRUAL, QR, ALEVER, LDR,
ALNS, and EQ_OFFER for X-Score and AROA, ROS, AMARGIN, TURN, CFO,
AACCRUAL, ALIQUID, ALEVER, ACDR, ALNS, and EQ OFFER for Y-Score.
Thus, the final forms of these models are as follows:

X — Score = Fpop + Fagos + Famarcin + Frurn + Fero + Faaccruar +

(M

For + Farever + Fior + Fains + Fgq orrer

5 In the case of strongly correlated variables, one of them (the one with lower Wilks” lambda) was
chosen to the model.
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Y — Score = Fppoa + Fros + Famarcin + Frurn + Fero + Faaccruar + @)

Faviquip + Farever + Facor + Fains +Feg_orrer

where:
F,— binary value for a given variable.

Low scoring of X-Score and Y-Score was considered as 0—3 points, while high
— 9-11 points. All of the variables used (except EQ OFFER) were measured as
a difference between the value for a given entity and the median for the whole sam-
ple, partially in line with Mohanram’s (2005) approach. ALEVER, ACDR, LDR are
destimulants, while other variables constituting models developed — stimulants. The
distribution of scoring of the X-Score and Y-Score in that way as well as the F-Score,
by a number of entities, is presented in Figures 1-3.
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Figure 1. X-Score histogram

Source: Author’s own study based on the data from Orbis database.
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Histogram of Y-Score
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Figure 2. Y-Score histogram

Source: Author’s own study based on the data from Orbis database.

Histogram of F-Score
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Figure 3. F-Score histogram

Source: Author’s own study based on the data from Orbis database.
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The distribution of the models analyzed (X-Score, Y-Score, F-Score) seems to
be similar to the Gauss distribution, which is, however, not confirmed by the Shap-
iro—Wilk test applied. The share of low-scored entities (0-3 points for X-Score and
Y-Score and 0-2 for F-Score) accounted for 13% of the total sample for X-Score, 17%
for Y-Score, and 12% for F-Score, while the share of high-scored companies (9—11
points for X-Score and Y-Score, 8-9 points for F-Score) — 7%, 8%, 8%, respectively.
Therefore, it could be stated that the models’ indications seem to be restrictive, which
might be considered an advantage. The companies with high scores were chosen to
the investment portfolios built.

For the purposes of H1 verification, Pearson’s chi-square test was employed.
Regarding X-Score, the hypothesis about the compatibility distribution with F-Score
was rejected (p-value amounted to 0.022), however, it was not true for Y-Score (p-val-
ue ~1.000). As a result, H1 might be considered partially confirmed. Nevertheless,
testing investment portfolios built in line with both X-Score and Y-Score still seem
to be valuable to compare X-Score and Y-Score (despite the similar distributions of
Y-Score and F-Score).

Investment portfolios building
Yields generated by the companies selected for the investment portfolios based
on the models’ indications significantly differed. Descriptive statistics for a such

variable are presented in Table 5.

Table 5. Descriptive statistics for rates of return of shares selected by a given model

Statistics X-Score Y-Score F-Score
Arithmetic mean 3.5% 5.3% 10.0%
Standard deviation 44.1% 48.1% 54.1%
Coefficient of variation 1246.2% 905.5% 539.4%
Quartile 1. -21.5% -20.3% -20.7%
Median -4.8% -4.8% 0.3%
Quartile 3. 22.2% 17.2% 25.2%
Minimum -66.2% -79.4% -89.2%
Maximum 190.6% 190.6% 234.3%

Source: Author’s own study based on the data from Orbis database.

The mean rate of return was positive for companies chosen by each model
analyzed. However, most of the entities selected for the portfolios by X-Score and
Y-Score generated negative yields but it was not true regarding F-Score. Therefore,
H2 is empirically confirmed, while H3 — not. 25% of units from the portfolios gen-
erated at least 17%, 22%, 25% yields regarding Y-Score, X-Score, F-Score, respec-
tively. Piotroski’s model was also less risky than the ones built by the author, based
especially on the coefficient of variation.
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At a first glance, based on descriptive statistics, the F-Score model seems to out-
perform X-Score and Y-Score. However, it is essential to both provide insight into the
association between the scoring of given models and yields generated and backtest
investment portfolios built. Suitable results are presented in Tables 6 and 7, sequentially.

Table 6. Raw and market-adjusted yields by scoring of the models analyzed

Scorin X-Score Y-Score F-Score

corng R M R M R M
0 - - - - 14.59% 11.83%
1 -2.60% -5.36% 0.51% -2.25% 16.02% 13.26%
2 10.71% 7.95% 10.60% 7.84% 331% 0.55%
3 1.91% -0.85% 21.17% 18.41% 15.51% 12.75%
4 31.38% 28.62% 22.33% 19.57% 17.98% 15.22%
5 20.38% 17.62% 24.30% 21.54% 25.61% 22.85%
6 31.21% 28.45% 12.60% 9.84% 8.39% 5.63%
7 5.08% 2.32% 22.00% 19.24% 20.19% 17.43%
8 3.90% 1.14% 5.66% 2.90% 7.61% 4.85%
9 8.72% 5.96% 4.04% 1.28% 22.57% 19.81%
10 -5.19% -7.95% -0.30% -3.06% n/a n/a
11 -9.59% -12.35% 49.12% 46.36% n/a n/a
HML -4.11% -6.87% -3.73% -6.49% -0.16% -2.92%

R —rate of return on the portfolio in a given year; M — market-adjusted (compared to WIG®) rate of return on the portfolio
in a given year; HML — the difference between mean yield generated by entities with scoring at the level of 9-11 points
and 0-2 points (for X-Score and Y-Score) and 8-9 points and 0-2 points (for F-Score), respectively.

Source: Author’s own study based on the data from Orbis database.

Based on Table 6, entities with higher scoring generally do not outperform other
companies, especially those considered weak in terms of their financial situation.
Thus, H4 and H5 are not empirically confirmed. It seems that there were more
purposeful to invest in high B/M entities with moderate scoring of X-Score and
Y-Score — companies with 4-9 points generated mean market-adjusted rates of return
at a significant positive level. Regarding F-Score, mean market-adjusted yields were
positive for entities with each scoring.

The results of the aforementioned analysis are quite astounding. However, it
is worth pointing out that mean yields might be not fully comparable due to the
different number of entities with each scoring. Hence, investment portfolios based
on the original models’ assumptions were built and their yields analyzed, which is
shown in Table 7.

¢ WIG — Warsaw Stock Index, used as a benchmark of the stock exchange.
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Table 7. Rates of return generated from the investment portfolios built based
on F-Score-type models indications

X-Score Y-Score F-Score
R -6.3% -3.3% 29.8%
2013 M -15.9% -13.0% 20.1%
N 3 2 1
R -21.7% -13.8% -17.2%
2014 M -37.7% -29.8% -33.2%
N 2 4 3
R 16.5% -2.6% -13.0%
2015 M 13.8% -5.3% -15.7%
N 5 7 7
R 23.5% -35.5% -8.7%
2016 M 39.6% -19.4% 7.4%
N 4 3 5
R 3.4% 47.6% 50.6%
2017 M -33.0% 11.2% 14.2%
N 5 8 8
R -34.5% -33.7% -21.5%
2018 M -26.2% -25.4% -13.2%
N 6 5 5
R 15.8% -2.2% -5.5%
2019 M 8.3% -9.8% -13.0%
N 6 6 8
R 34.8% 45.8% 65.5%
2020 M 52.5% 63.5% 83.2%
N 13 11 10
R 6.3% -5.1% -0.5%
2021 M -27.0% -38.4% -33.8%
N 10 9 7
R -27.8% -8.3% -4.8%
2022 M -8.9% 10.7% 14.1%
N 11 16 14
Cumulative R -14.19% -36.44% 49.55%
Mean annual R -1.52% -4.43% 4.11%
Cumulative M -45.46% -67.71% 18.28%
Mean annual M -4.28% -7.19% 1.35%

N — number of entities selected for the portfolio in a given year.
Source: Author’s own study based on the data from Orbis database.

The buy-and-hold strategy applied to F-Score for the period July 2012 — June
2022 led to generating a mean annual yield of 1.35% above the market, while it was
noticeably negative for X-Score and Y-Score. Therefore, H6 is considered empir-
ically confirmed, while H7 — not at all. Moreover, the main hypothesis (H0) was
also not supported.

Please note that there was a growing number of entities selected by given mod-
els in time, there were also generated negative yields by the companies selected for
the portfolio in 2013-2014 (for X-Score) and 2013-2016 (Y-Score), which could
partially explain the weakness of these models. The models’ indications were quite
consistent for F-Score and Y-Score in individual years —in 9 out of 10 years the signs
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of raw returns generated by the portfolios built based on these models were the same,
while it was 5 between X-Score and F-Score and 6 between X-Score and Y-Score.

In general, the results obtained seem to be astonishing, as X-Score and Y-Score
were built based on the situation of the Polish stock market. On the other hand, as
mentioned above, it might be more appropriate to invest in moderate-scored entities
according to these models. F-Score was found to be effective, it also outperformed
the benchmark.

Discussions

Generally, the effectiveness of the F-Score model was empirically confirmed in
the example of the Polish stock market, similarly, as in the cases of European, Ameri-
can and Asian markets previously analyzed (i.a. Noma, 2010; Rathjens & Schellhove,
2011; Hyde, 2013; Safdar, 2016; Tripathy & Pani, 2017; Tikkanen & Aijé’), 2018;
Walkshéusl, 2020). Comparing the results of the research with the previous studies
focused on the Polish market, by Kusowska (2021) and Pilch (2021), it could be
stated that the effectiveness pointed out by them was empirically confirmed based
on a significantly larger sample and timeframe taken into account.

Considering individual variables, the results of the discriminant analysis were
generally in line with the findings of Piotroski (2000) — there were confirmed signif-
icant positive associations between most of the variables selected to the models (for
instance, AMARGIN, AACCRUAL, AROA, ALIQUID, and EQ_OFFER — variables
that were chosen to X-Score or Y-Score and constitute F-Score) and future yields.
However, a negative association between rates of return from the future period and
ALEVER was identified. These results differ from those obtained by Nast (2017),
regarding the reverse scoring of ALEVER postulated by him.

Based on the research made, higher scoring of both F-Score as well as X-Score
and Y-Score was not associated with higher future yields. It could be deemed the
opposite with the findings of, inter alia, Piotroski (2000), Rathjens and Schellhove
(2011), Tripathy and Pani (2017) and Walkshausl (2020).

Partially confirmed were the findings of Auret and Sinclaire (2006), O’Brien
et al. (2010), da Cunha Aratjo and Veras Machado (2018), Fahreza and Rizkianto
(2021), and Barth et al. (2022), regarding the effectiveness of high B/M investing
strategy (simultaneously, the conclusions of Syzdykov (2021) were not positively
validated). Mean rates of return were mostly positive among the sample analyzed,
regardless of the scoring of given entities.

It is worth noting that the building of X-Score and Y-Score was made with the usage
of Mohanram’s (2005) method (including not absolute values of indicators but their
differences compared to the medians). As the effectiveness of these models was lower
than F-Score, moreover, their usage led to generating negative both raw and market-ad-
justed yields, based on the backtesting, such an approach might be considered imperfect.
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It is also worth to underline that the inclusion of periods of COVID-19 pandemic
and several months after the war in Ukraine beginning significantly affected the re-
sults obtained. Generally, after the outbreak of both these events, financial markets
noted significant declines and the market volatility noticeably increased (Czech
et al., 2020; Basdekis et al., 2022). According to Mielus (2022), the impact of the
Ukrainian war outbreak on the financial markets was even stronger than the shock
caused by the pandemic beginning, on the example of European countries. It could
noticeably impact the results of the research, as companies in a good financial situ-
ation in the periods preceding these events could be selected by the scoring models
for investment portfolios, while their share prices in the following period fell due to
the occurrence of the aforementioned shocks.

Conclusions

The main aim of the paper was to build F-Score-type models on the example
of the Polish stock market, which was done in the frame of the empirical research
made. However, models built (X-Score and Y-Score) were less effective than F-Score
— investment portfolios built based on their indications led to generating negative
rates of return in total, which was not true for F-Score. It could be astounding to
some extent as there were mostly similar variables (also without reversal scoring)
regarding Y-Score and F-Score. However, it might be affected by the procedure
applied to X-Score and Y-Score variables — there were the differences between the
values of variable for a given entity and the median in the sample analyzed taken
into account instead of absolute variables’ values.

Based on the above conclusions, the main hypothesis, according to which X-Score
and Y-Score were more efficient than F-Score, could not be empirically confirmed. On
the other hand, the results obtained emphasize the purposefulness of using the F-Score.

Generally, the research pointed out the advisability of using high a B/M strategy,
as most of the mean yields for undervalued entities were positive. However, using
scoring like the one adopted in F-Score seems to be not a suitable approach on the
example of the Polish stock market — the companies with higher scoring did not
outperform other entities. Moreover, low-scored entities generated better historical
results on average — it applies to all models taken into account.

Implications of the research made mostly concerned investors — based on the
results obtained, investing in line with the high B/M strategy as well as using F-Score
seems to be purposeful. Moreover, the building of F-Score-like models based on the
situation of a specific market and using them for the investment portfolios construc-
tion do not necessarily led to outperforming F-Score, as it could be wrongly assumed.

Among the limitations of the research, it could be indicated both data inacces-
sibility and the disadvantages of the methodology applied, including both building
and testing the models based on the historical data (backtesting), which is, however,
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a common approach. It is also worth pointing out that the exclusion of the companies
from the financial industry (due to the different forms of their financial statements)
might noticeably disrupt the results.

Regarding the suggestions for future research, building of the models based on the
example of the Polish stock market, without using Mohanram’s approach but in line
with the original Piotroski’s one (including absolute values of variables), is worth un-
dertaking. Moreover, other F-Score-type models should be analyzed as well as other
timeframes taken into account, especially bearing in mind the current and potential
future economic situation of the European countries, emphasizing the results of the
COVID-19 outbreak and war in Ukraine, but also taking into account the periods of
high inflation and potential noticeable economic slump in the following years. Due
to the significant volatility in stock markets due to the pandemic or war in Ukraine,
the analysis focused on shorter periods and more frequent portfolio rebalancing (for
instance, based on quarterly financial data) should also be taken into consideration.

References

Agrawal, K. (2015). Default prediction using Piotroski’s F-score. Global Business Review, 16(5S), 175S-186S.
doi:10.1177/0972150915601261

Almas, D., & Duque, J. (2008). Value investing: The Book-to-Market effect, accounting information, and
stock returns. ADVANCE — Centro de Investigacao Avangada em Gestdo Working Papers, No. 1/2008.

Asmadi, D, Izzaty, N., & Erwan, F. (2021). Performance analysis of sharia share companies using the Piotroski
F-Score method. Jurnal Ekonomi dan Keuangan Syariah, 5(1), 67-75.
doi:10.29313/amwaluna.v5il.5926

Auret, C.J., & Sinclaire, R.A. (2006). Book-to-market ratio and returns on the JSE. Investment Analysts
Journal, 63,31-38. doi: 10.1080/10293523.2006.11082476

Badeskis, Ch., Christopoulos, A., Katsampoxakis, I., & Nastas, V. (2022). The impact of the Ukrainian war on
stock and energy markets: A wavelet coherence analysis. Energies, 15, 1-15. doi:10.3390/en15218174

Barth, M.E., Israeli, D., & Sridharan, S.A. (2022). Equity book-to-market ratios above one and macroeconomic
risk. SSRN Electronic Journal. doi:10.2139/ssrn.3306503

Battisti, E., Miglietta, N., Salvi, A., & Creta, F. (2019). Strategic approaches to value investing: a systematic
literature review of international studies. Review of International Business and Strategy, 29(3), 253-266.
doi:10.1108/RIBS-01-2019-0011

Brindelid, L., & Nilsson, T. (2021). Portfolio Performance in Nordic Countries: A Quantitative Comparison
Study of Investment Strategies in Denmark, Finland, Norway and Sweden. Postgraduate thesis, Karlstad
Business School.

Chan, L.K.C., Hamao, Y., & Lakonishok, J. (1991). Fundamentals and stock returns in Japan. The Journal of
Finance, 46(5), 1739-1764. doi:10.1111/j.1540-6261.1991.tb04642.x

Chlebisz, A. (2018). Efektywnos¢ ETF w pordwnaniu do aktywnie zarzadzanych akcyjnych funduszy inwe-
stycyjnych na podstawie rynku kapitatowego w Polsce. Rynek — Spoleczenstwo — Kultura, 1(27), 46-50.

Comparic. (2017, June 5). Jak z zyskiem przejs¢ krach, czyli strategia F-Score. Retrieved from https://comparic.
pl/zyskiem-przejsc-krach-czyli-strategia-f-score/

Czech, K., Wielechowski, M., Kotyza, P., Benesova, 1., & Laputkova, A. (2020). Shaking stability: COVID-19
impact on the Visegrad Group countries’ financial markets. Sustainability, 12(15), 1-19.
doi:10.3390/su12156282



BUILDING OF F-SCORE-LIKE MODELS ON THE EXAMPLE OF THE POLISH STOCK MARKET 175

Da Cunha Aratijo, R.C., & Veras Machado, M.A. (2018). Book-to-market ratio, return on equity and Brazilian
stock returns. RAUSP Management Journal, 53(3), 324-344. doi:10.1108/RAUSP-04-2018-001
Daniluk, K. (2019). Profitability and risk of selected forms of investment on the Polish capital market. Eco-

nomic and Regional Studies, 14(2), 209-219. doi:10.2478/ers-2021-0014

Fahreza, M., & Rizkianto, E. (2021). Retained earnings factor analysis on return and excess return: A compar-
ison study of retained earnings-to-market equity and book-to-market equity from 2008 —2018. Advances
in Economics, Business and Management Research, 177,225-231. doi:10.2991/aebmr.k.210522.030

Fama, E., & French, K. (1992). The cross-section of expected returns. The Journal of Finance, 47(2),427-465.
doi:10.1111/j.1540-6261.1992.th04398.x

Fisher, F. (1958). Common Stock and Uncommon Profit. New York: Wiley Investments Classic.

Forner, C., & Vazquez Veira, P. (2018). Using book-to-market ratio, accounting strength, and momentum to
construct a value investing strategy: The case of Spain. Spanish Journal of Finance and Accounting,
48(1), 21-49. doi:10.1080/02102412.2018.1461460

Gimeno, R., Loban, L., & Vicente, L. (2019). A neural approach to value investing tool F-Score. Finance
Research Letters, 37(C), 1-11. doi:10.1016/j.frl.2019.101367

Graham, B., & Dodd, D. (1934). Security Analysis. New York: McGraw Hill.

Gray, W. (2015, May 5). Simple methods to improve the Piotroski F-Score. Retrieved from https://alphaarchi-
tect.com/2015/05/value-investing-research-simple-methods-to-improve-the-piotroski-f-score/

Hamilton, T. (2013). Super company. Corporate Knights, 11(4), 28—41.

Hedau, A. (2020). Value investing: Evidence from listed construction and infrastructure sector companies in
India. Romanian Economic Business Review, 15(4), 104-114.

Hyde, C. (2013). An emerging markets analysis of the Piotroski F-Score. SSRN Electronic Journal.
doi:10.2139/ssrn.2274516

Hyde, C. (2016). The Piotroski F-Score: Evidence from Australia. Accounting and Finance, 58(2), 423—444.
doi:10.1111/acfi. 12216

Jaworski, J., & Czerwonka, L. (2017). Determinanty struktury kapitatu przedsigbiorstw notowanych na GPW
w Warszawie. Sektor ustug. Annales Universitatis Mariae Curie-Sktodowska, Sectio H — Oeconomia,
51(4), 133-142. doi:10.17951/h.2017.51.4.133

Korir, C. (2019). Applicability of Piotroski F-Score model in predicting financial distress of listed companies
at the Nairobi Securities Exchange 20 Share Index. Postgraduate thesis, Kabarak University.

Krauss, C., Kriiger, T., & Beerstecher, D. (2015). The Piotroski F-Score: A fundamental value strategy revisited
from an investor’s perspective. /IWQW Discussion Papers No. 13.

Kusowska, M. (2021). Assessment of efficiency of Piotroski F-Score strategy in the Warsaw Stock Exchange.
Przedsigbiorstwo we wspolczesnej gospodarce — teoria i praktyka. 1(32), 47-59.
doi:10.19253/reme.2021.01.004

Lakonishok, J., Shleifer, A., & Vishny, R.W. (1994). Contrarian investment, extrapolation and risk. The Journal
of Finance, 49(5), 1541-1578. doi:10.1111/§.1540-6261.1994.tb04772.x

Mielus, P. (2022). Reakcja rynku finansowego na wybuch wojny rosyjsko-ukrainskiej w poréwnaniu do reakcji
na wybuch pandemii COVID-19 w Europie. Bezpieczny Bank, 1(86), 80-99.
doi:10.26354/bb.5.1.86.2022

Mohanram, P. (2005). Separating winners from losers among low book-to-market stocks using financial
statement analysis. Review of Accounting Studies, 10, 133-170. doi:10.1007/s11142-005-1526-4

Mohanram, P., Saiy, S., & Vyas, D. (2017). Fundamental analysis of banks: The use of financial statement
information to screen winners from losers. Review of Accounting Studies, 23(1), 200-233.
doi:10.1007/s11142-017-9430-2

Mohr, J.-H.M. (2012). Utility of Piotroski F-Score for predicting growth-stock returns. Working Paper,
MFIE Capital.

Nast, T.K. (2017). Transforming Piotroski s (binary) F-score into a real one. Postgraduate thesis, University
of Pretoria.

Noma, M. (2010). Value investing and financial statement analysis. Hitotsubashi Journal of Commerce and
Management, 44(1), 29-46. doi:10.15057/18701


https://doi.org/10.1111/j.1540-6261.1992.tb04398.x

176 BARTLOMIEJ PILCH

O’Brien, M. A, Brailsford, T., & Gaunt, C. (2010). Interaction of size, book-to-market and momentum effects
in Australia. Accounting and Finance, 50(1), 197-219. doi:10.1111/§.1467-629X.2009.00318.x

Oyebode, A. (2016). Application of the Altman Z-EM-Score and Piotroski F-Score to the Johannesburg Se-
curities Exchange as Short Selling Instrument. Postgraduate thesis, University of Pretoria.

Patéri, E.J., Leivo, T.H., Hulkkonen, L., & Honkapuro, J.V.S. (2018). Enhancement of value investing strat-
egies based on financial statement variables: the German evidence. Review of Quantitative Finance and
Accounting, 51(3), 813-845. d0i:10.1007/s11156-017-0689-y

Perez, G.A. (2018). Value and size effects in the stock market of the Philippines. International Journal of
Financial Research, 9(2), 191-202. doi:10.5430/ijfr.vOn2p191

Pilch, B. (2021). Analiza wskaznika F-Score dla spotek gietdowych z branz IT i gier wideo. Annales Univer-
sitatis Mariae Curie-Skiodowska. Sectio H— Oeconomia, 55(1),41-50. doi:10.17951/h.2021.55.1.41-50

Piotroski, J. (2000). Value investing: The use of historical financial statement information to separate winners
from losers. Journal of Accounting Research, 38, 1-41. d0i:10.2307/2672906

Pluskota, A., Bolek, M., & Wolski, R. (2020). Liquidity — profitability relationship analysed with the Granger
causality test on the example of the Warsaw Stock Exchange. Annales Universitatis Mariae Curie-Sklo-
dowska, Sectio H— Oeconomia, 54(2), 89-101. doi:10.17951/h.2020.54.2.89-101

Puerto, J., Rodriguez-Madrena, M., & Scozzari, A. (2020). Clustering and portfolio selection problems:
A unified framework. Computers and Operations Research, 117, 1-11. doi:10.1016/j.cor.2020.104891

Rahman, M., Li, C., & Masud, M. (2021). Predicting firms’ financial distress: An empirical analysis using the
F-Score model. Journal of Risk and Financial Management, 14(5), 199-214. d0i:10.3390/jrfm14050199

Rathjens, H., & Schellhove, H. (2011). Simple Financial Analysis and Abnormal Stock Returns — Analysis of
Piotroski's Investment Strategy. Master thesis, Stockholm School of Economics.

Rosenberg, B., Reid, K., & Lanstein, R. (1985). Persuasive evidence of market inefficiency. Journal of Port-
folio Management, 11(3), 9-16. doi:10.3905/jpm.1985.409007

Safdar, I. (2016). Industry competition and fundamental analysis. Journal of Accounting Literature, 37(C),
36-54. doi:10.1016/j.acclit.2016.09.001

Sareewiwatthana, P., & Janin, P. (2017). Tests of quantitative investing strategies of famous investors: Case
of Thailand. Investment Management and Financial Innovations, 14(3), 218-226.
doi:10.21511/imfi.14(3-1).2017.06

Sierpinska, M., & Jachna, T. (2007). Ocena przedsigbiorstwa wedlug standardow swiatowych. Warszawa:
Wyd. Naukowe PWN.

Singh, J., & Kaur, K. (2015). Adding value to value stocks in Indian stock market: An empirical analysis.
International Journal of Law and Management, 57(6), 621-636. doi:10.1108/ijlma-09-2014-0055

Stattman, D. (1980). Book values and stock returns. The Chicago MBA: A Journal of Selected Papers, 4.

Subramanyam, K.R. (2014). Financial Statement Analysis. New York: McGraw Hill.

Syzdykov, A. (2021). Evaluation of Size and Book-to-market Factors in Kazakhstan Stock Market using the
CAPM Regression. Bachelor thesis, Aalto University School of Business.

Tikkanen, J., & Aijo, J. (2018). Does the F-score improve the performance of different value investment
strategies in Europe? Journal of Asset Management, 19(3), 495-506. doi:10.1057/s41260-018-0098-3

Tripathy, B., & Pani, B. (2017). Effect of F-Score on stock performance: Evidence from Indian equity market.
International Journal of Economics and Finance, 9(2), 89-99. doi:10.5539/ijef.v9n2p89

Turtle, H.J., & Wang, K. (2017). The value in fundamental accounting information. The Journal of Financial
Research, 40(1), 113-140. doi:10.1111/jfir.12119

Walkshéusl, C. (2020). Piotroski’s F-Score: International evidence. Journal of Asset Management, 21(2),
106-118. doi:10.1057/s41260-020-00157-2

Wawryszuk-Misztal, A. (2015). Wyniki operacyjne polskich przedsigbiorstw zmieniajacych rynek noto-
wan akcji. Annales Universitatis Mariae Curie-Sklodowska, Sectio H — Oeconomia, 49(4), 649—658.
doi:10.17951/h.2015.49.4.649

Appendix



177

BUILDING OF F-SCORE-LIKE MODELS ON THE EXAMPLE OF THE POLISH STOCK MARKET

wieo 8SST°0 $¥90°0 £EVI'0 9€10°0 2091°0 €800 €0€1°0 0€00°0 9800°0 9¢10°0 £5%0°0- SN'T
61€0°0- 01€0°0- YL¥0°0 11500 8,000~ 1L50°0 L£00°0- €000~ 12€0°0 €180°0 8L00°0- 90L0°0 qa1P
61100 LS00 L1100 §590°0 £€€0°0 81100 S010°0 6¢€0°0 65200~ €0€0°0 £€€0°0 88000 AT
6010°0 $910°0 I8S1°0 $001°0 $060°0- $690°0- 800070~ LY10°0- $680°0 LLTO0 $060°0- 87900~ AdAOP
£950°0 0790°0 80200 €L00°0- CLT00- CILO0- 8810°0 L8200 81200 $950°0- CLTO0- 9590°0- : ((8)
§00°0- 60000 2061°0 81€1°0 L860°0- Y00~ 820070~ 0L10°0- SOIT°0 S190°0 L860°0- £820°0- YTAHTP
6¥L0°0 7160°0 €520°0 6£€0°0 €000~ S¥€0°0- 8700 £5%0°0 1€00°0 S0€0°0- £€00°0- 8150°0- YTAHT
£9¢0°0- ¥¥¢0°0- 8¢€10°0- $¥00°0- §€C00 011070~ 10¥0°0 8¥L0°0 8L00°0 L£90°0 9€20°0 86L0°0 i (0]
LL900- €CL00- 8000°0 0%00°0- 8200°0 C110°0- 65500 97900 1900°0 6810°0 82000 9090°0 k: (0]
19€0°0- Y700~ 1S10°0- 0700°0- ¥920°0 6010°0- 10¥0°0 9vL0°0 £500°0 L£90°0 $920°0 96L0°0 aimnorip
7990°0- S0L0°0- S100°0 120070~ £€00°0 1L00°0- £950°0 §€90°0 0900°0 £670°0 £€00°0 L090°0 amnort
11000~ L£000- 9919°0- 65100~ 00001 6£90°0- L0000 ¥100°0- y188°0- 7100°0- 0000°1 8100°0- | TVIDIVP
vL20°0- 7€00°0- £€871°0 SSII°0 66200~ 6LTT0 4144 SSI1°0 6£90°0 96¥1°0 10€0°0- 9660°0 TVIIDIV
¥100°0 9¥00°0 L179°0 €100 $666°0- 1€L0°0 §100°0- 810070 6188°0 8€00°0 $666°0- €000 0d0P
61€0°0 20900 SYI1°0 LYLTO 00200 0v6+°0 S1¥0°0- LLTO0 66100 6LIT°0 96100 8L90°0 0oddD
800070~ 9€00°0- 919°0- LST0°0- 0000°1 8€90°0- L0000 ¥100°0- y188°0- ¥100°0- 00001 610070~ NINLP
66L0°0 6vL0°0 6Cv0°0 SECI'0 L9000 86L1°0 19200 £6£0°0 8700°0 ¥520°0 L900°0 0070~ NJNL
L80 £058°0 §T0°0- 20200~ 12000 16L0°0- 90LT°0 9T0 0€00°0- 79000~ £€200°0 £600°0- NIOUVIAP
$£98°0 91.8°0 £600°0 28100 8€00°0- S6¥0°0 LEET'O SLIT0 L8000 6¢10°0 8¢€00°0- 17100 NIDOUVIA
0000°1 7686°0 8760°0 91’0 0100°0- 01800 SYI1°0 9LET'0 09200 ¥650°0 110070~ 6£00°0 N0 (0)Y
7686°0 00001 SLIT0 8LST'0 9£00°0- [U441] SLIT0 LLET'0 6200 S9L0°0 L£00°0- LS10°0 SOY0
8760°0 SLIT0 00001 0TSL'0 0919°0- PLIY'0 6£00°0 9€10°0 100L°0 86710 $919°0- $860°0 HOYOP
B4y 8LST0 0TSL0 0000°T €510°0- 0965°0 91000 9L10°0 ST61°0 L6ES0 85100~ PLOT0 c(02: (0]
0100°0- 9¢00°0- 0919°0- €510°0- 0000°T 0€90°0- 90000 71000 £188°0- 0100°0- 0000°T S100°0- yYOIOoP
0180°0 U4 %) YLIV'0 09650 0€90°0- 0000°T 1910°0- ¥r10°0 ISP1°0 8687°0 8€90°0- 6091°0 YOO
SYI1°0 SLIT°0 6£00°0 97000 90000 1910°0- 0000°1 6L88°0 100 0L¥0°0 80000 LTS00 SOUP
9LET'0 LLETO 9¢€10°0 9L10°0 71000 y710°0 6L88°0 0000°T 900 2900 €100°0- 00L0°0 SOU
09200 6C£0°0 100L°0 ST61°0 £188°0- ISP1°0 100 9vC0°0 00001 065€°0 L0880~ £VCE0 (02 1Y
7650°0 $9L0°0 86710 L6ES0 010070~ 8687°0 0Lv0°0 2900 065€°0 00001 ¥000°0- L0880 qJ0d
110070~ L£00°0- $919°0- 851070~ 00001 8€90°0- 800070 €100°0- L0880~ %0000~ 0000°1 L0000~ yYOup
6£00°0 LST10°0 $860°0 yLOL'0 S100°0- 6091°0 LTS0°0 00L0°0 £VCE0 L0880 L0000~ 0000°T yOou
SO¥O0P SO¥0 A0UOP 4040 vOiaop \L8}: (0] SOYp SOd C0): 1Y (0} 1 YOUP yYOu So[qeliep

«So[qeLreA A1ojeue[dxd Jo 39S [enIUI U} J0J XLIJEW UONR[ILI0))




BARTLOMIEJ PILCH

178

we00- L2000~ 06200~ 810070~ 9860°0- L8100~ £860°0 0200°0- $660°0- SSI1°0- §€C0°0- 6£20°0- HIATTP
1€90°0- LLYT'0- €900~ £€9S1°0- €000~ ¥2S0°0- 1€00°0 100 ¥€00°0- 6887°0 8€90°0 LTLOO HIATT
0000°T 0096°0 £666°0 7656°0 S€C0°0 S1LOO ¥€20°0- L000°0~ 1€20°0 £7£0°0- $000°0- L¥10°0 i (0
00960 0000°T $856°0 1666°0 82000 8980°0 8200°0- 8910°0- ¥200°0 $890°0- 1620°0- 75€0°0- h: (0]
£666'0 $856°0 00001 £€856°0 $9¢0°0 LILOO £€920°0- 0100°0- 65200 S¥€0°0- $000°0- LY10°0 amnorip
7656°0 1666°0 £856°0 0000°1 €€00°0 1060°0 £€00°0- 9910°0- 62000 8L90°0- 6L20°0- LEEO0- amnort
SE€T0°0 82000 ¥920°0 £€00°0 0000°1 66200~ $666°0- £610°0 0000°T 9900°0 £200°0 8€00°0- | TVIDIVP
S1L0°0 89800 L1LO0 1060°0 66¢0°0- 0000°1 6€10°0 7999°0- ¥2€0°0- yS8T°0- LLY00- L6000 TVADIV
$€20°0- 82000~ £€920°0- €000~ $666°0- 6€£10°0 00001 92000 $666°0- 81000 £€200°0- S¥00°0 0dDoP
L0000~ 8910°0- 0100°0- 9910°0- €610°0 7999°0- 92000 0000°1 L1200 SILED ¥900°0 16v0°0 odd
1€20°0 ¥200°0 65200 62000 0000°1 $2€0°0- $666°0- L1200 0000°1 78000 82000 9¢00°0- NINLP
£ve0°0- 68900~ S¥e0°0- 8L90°0- 9900°0 PS8T°0- 81000 SILED 78000 00001 $160°0 ¥870°0 NJNL
$000°0- 1620°0- $000°0~ 6L20°0- €200°0 LLY00- €200°0- ¥900°0 82000 $160°0 0000°T 01L6°0 NIDUVIAP
LY10°0 75€0°0- Ly10°0 LEEO0- 8¢€00°0- L600°0 $¥00°0 16¥0°0 9€00°0- 8700 01,60 00001 NIOUVIA
£9¢0°0- LL900- 19€0°0- 7990°0- 110070~ ¥LT0°0- ¥100°0 61€0°0 80000~ 66L0°0 L0 $£98°0 SOYOP
¥¥C0°0- €CL00- 7200~ S0L00- L£00°0- $€00°0- 9000 20900 9€00°0- 6vL0°0 £058°0 91L8°0 SOY0
8¢€10°0- 80000 1S10°0- S100°0 9919°0- £€8C1°0 L1790 SYO1°0 919°0- 6¢v0°0 §Te0°0- £€600°0 c0):(0)Y
S100°0- 0700°0- 0000~ 12000~ 65100~ SSIT°0 €120°0 LYLT0 LS10°0- SECT0 20200~ 8100 1040
S€C0°0 82000 ¥920°0 £€00°0 00001 66200~ $666°0- 0020°0 00001 L£900°0 1200°0 8€00°0- yOuop
011070~ Cl100- 601070~ 1L00°0- 6£90°0- 6LCT'0 1€L0°0 0v6+°0 8€90°0- 86L1°0 16L0°0- S6¥0°0 YOuo0
10¥0°0 65500 10¥0°0 £€950°0 L0000 Iero §100°0- S1¥0°0- L0000 19200 90LT°0 LEETO SOYp
87,00 9290°0 9vL0°0 $€90°0 71000~ SSIT0 81000 LLIOO 71000~ £6£0°0 wT0 SLIT0 SOU
8L00°0 1900°0 $500°0 09000 y188°0- 6£90°0 61880 66100 y188°0- 8700°0 0€00°0- L800°0 (02 1Y
L£90°0 68700 L€90°0 €670°0 ¥100°0- 96¥1°0 8€00°0 6L11°0 ¥100°0- $$20°0 79000~ 6¢10°0 104
9¢€20°0 82000 §920°0 £€00°0 00001 10€0°0- $666°0- 96100 00001 L900°0 €200°0 8€00°0- yOoup
86L0°0 9090°0 96L0°0 L0900 8100°0- 96600 €000 8L90°0 6100°0- 7000~ £600°0- 17100 you
qop b (0] amnorip | andIT | TVAAIDVP [ TVAIIIV| O4IP 04D NJALP NIAL |NIDUVIAP | NIDUYVIA | Sd[qeliep
68000~ 9000°0 SC10°0 ¥280°0 €201°0 85100 8L¥0°0- 90000~ 1€L0°0- LYS00 woro 0r10°0 dA440 Od
06€0°0 6090°0 Y910 £€801°0 900L°0- 18€1°0 1€80°0- €000°0- 86£€°0 61000 800L°0- 8510°0- VNP
9700 1690°0 §T00 0990°0 60100 8LLOO L£00°0- 66000 y€10°0- €€10°0- 601070 68€0°0- VN1
wWe0 PSTE0 ¥090°0 838900 S€S0°0- 8010°0- TILT0 €970 0€20°0 ¥8¢0°0- 9¢50°0- L0800~ SN'TP
SO¥oP SO¥0 10¥0P 4040 \L02:(0)Y YOuO0 SOYp SOY H0YP 104 yOup yod Sjqeliep




179

BUILDING OF F-SCORE-LIKE MODELS ON THE EXAMPLE OF THE POLISH STOCK MARKET

€101°0- 169°0 8110°0- 1550°0 Z€100- | S6000 | ESO0- £680°0 1L20°0 £€860°0 1£00°0 04DP
6£90°0 17700 6090°0 6L0T°0 9€TI0 | TS80°0 | 65L0°0 0SK0'0- | 6LE00- | 02000 | +TI0°0 o1
PZ01°0 120L°0- 9010°0 7150°0- 9€100 | PLOOO- | TELOO SI60°0- | €L200- | S660°0- | ¥€00°0- NINLP
¥LT0°0 9800°0- 0¥SI'0 0£LT0 LL9E'0 | L1900 | og0T0- | LIFTO- LEOY'0 SSIT'0- 6887°0 N¥NL
2000°0- 0800°0- 18€0°0 $99¢°0 8PIT0 | 9LS0°0- | €900 $€00°0- $¥50°0 $ET0°0- | 8£90°0 NIDYVIAP
8200°0 62100 08%0°0 0€6€°0 06€7°0 | 60v0°0- | TISO0 1200°0- wro'o 6£20°0- | LTLOO NIDIVIN
6300°0- 06£0°0 9250°0 9E0 WO | 61€00- | 61400 60100 €950°0 §500°0- | 6¥L0°0 SOYOP
90000 6090°0 15900 PSTE0 8SST0 | 01€00- | LSOO $910°0 0v90°0 60000 7160°0 SO0
2100 SHOH'0 §720°0 #090°0 $¥90°0 | PLYOO | L1100 I18ST°0 8020°0 2061°0 £€620°0 A0YOP
2800 £€801°0 0990°0 8890°0 €EPI°0 1150°0 §590°0 $001°0 €L00°0" 8IE1'0 6£€0°0 4040
€201°0 900L°0- 60100 $€50°0- 9€100 | 8L00°0- | €€£0°0 S060°0- | TLTO0- | L860°0- | TE00'0- VO4OP
85100 ISE1°0 8LLO0 8010°0- 20910 1LS00 | 8¥40°0 ¥690°0- | TILOO- | ¥Th00- | SPE00- A0} (0}
8L¥0°0- 1€80°0- | LE000O- 11LT°0 7€80°0 | LEOO'O- | SO10°0 8000°0- 881070 82000~ | 82700 SOYP
9000°0- €000°0- 66000 £797°0 €0E1'0 | TEO00- | 6TE0°0 L¥10°0- L8200 0L10°0- £570°0 sod
1€L0°0- 86€5°0 P€10°0- 0£20°0 0£00°0 12800 | 652070 $680°0 8120°0 SOIT°0 1£00°0 A0UP
L¥S0°0 61000 €€10°0- ¥820°0- 98000 €1800 | €000 LL1OO $950°0- $190°0 $0€0°0- 404
#{1N) 800L°0- 60100 9€50°0- 9€100 | 8L00°0- | €€££0°0 S060°0- | TLTO0- | L860°0- | €£00°0- VOup
0100 8SK0°0- | 68€0°0 L080°0- €590°0- | 90L00 | 88000 8790°0- | 9$90°0- | €820°0- | 81500 vou
WAII0 Od| VNP VN1 SN'IP SN'T UATP UAT ¥AOP UAD | YAATIP | HIATT | SOIgeHEA
¥810°0 $€20°0 88100 15200 72010 SIP0'0- | €1010- | 6900 PZ01°0 ¥LT0°0 70000- | 87000 | WALA0 OF
$620'0- | TS10°0- 12€00- | SLI00- P00L'0- 8LS00 | PF690 14100 T20L°0- | 98000- | 08000- | 62100 VNP
¥S100- | 0Th00- €S100- | Teroo- 60100 €910'0- | 81100- | 60900 90100 0pSI0 18€0°0 08%0°0 VN1
861€°0- | 896770 061€°0- | 1S67°0- $€50°0- ISEI'0- | 1SS00 | 6L01°0 Z150°0- 0€LT0 $99°0 0€6€°0 SN'TP
UOP U0 ainorip | aindr1 | IvaddIVP|IVANDIV| 040P IR NIALP | NINL |NIDUVIAP | NIDUVIA | Sd[qeiep
vp80°0- | LPLIO- wW800- | TELTO- 9€10°0 02100- | z€100- | 9€T10 9€10°0 LLIE'0 SYIT'0 06£T°0 SNT
02200 1€20°0 08200 05200 6L00°0- 9650'0- | $6000 | 7S80°0 ¥L00°0- L1900 9L£00- | 60100 uaA'TP
€6200- | 9590°0- €1200- | 08900 €€€0°0 1S00- | +€€0°0- | 6£L0°0 7€€0°0 0£01°0- €970°0 71500 qa1
€00~ | €r10°0- 0zh00- | 2,100 1060°0- SI120'0- | €680°0 | 0Sv0°0- | SI60°0- | LIPI'0- | S€000- | 12000 AAOP
6550°0- |  0€ZTI'0- 9850°0- LIE10- 7LT0°0- 75€00- | 1200 | 6L£00- | €200 LEOK'0 $750°0 wUY00 R®)




BARTLOMIEJ PILCH

180

*9seqe)ep SIqIQ WOl Blep 9y} U0 paseq Apnys UMO S IOYINY :99I1n0g

01°0 > d ye jueoyIuSis AJ[eorisne)s oJe p[oq Ul SUOT)E[ALIOD ,

0000°T 0€01°0- 0820°0- €610°0- 900070 SE10°0- 785070~ L000°0~ L¥90°0- 6L00°0- $760°0- 4440 Od
0€01°0- 0000°T 69€0°0 60C1°0 ¥820°0 6L10°0 ¥re00 6L80°0 98000 €101°0 L8200 VNIP
08¢0°0- 69€0°0 0000°1 €100 £9€S°0 Sel00 PISE0 0000 8710°0 68100 SSST0 VNT
€610°0- 60C1°0 €120°0 0000°1 879T°0 €200°0 S0¥0°0 81I1°0- 91200 9S11°0- 8¢¥0°0 SN'IP
AAAI0 O | VNP VNI SN'IP SN'T qae qa1 qaAOP qad YTATTIP | YHATT SOIqeLIEA
90000 ¥820°0 £9¢5°0 879T°0 0000°1 L9200 wsreo L9200 LLLTO 1200 0SS+°0 SNT
SE10°0- 6L10°0 SE10°0 £200°0 L920°0 0000°1 wyo 6S€£€°0- £€891°0- 9LLT'0 #S00°0 qaip
¥850°0- 122300 pISE0 SO¥0°0 Sreo wyvo 0000°T 6C¥0°0- 1E1ro- 86800 S10S°0 qa1
L0000~ 6L80°0 00t0°0 SIIT°0- L9200 6S€€°0- 6Tv0°0- 0000°1 £€907°0 €L98°0 9€ST°0 AAdP
L¥90°0- 98000 87100 91200 LLLTO £€891°0- 11€1°0- £€907°0 0000°1 99¢1°0 026L°0 ddad
6L00°0- €101°0 68100 9S11°0- 12v0°0 9LLTO 85800 €L98°0 9971°0 0000°1 £€91°0 YIATTP
$760°0- L8200 SSSTO 8€v0°0 0Ss+°0 5000 S10S°0 9¢ST°0 076L°0 £€91°0 0000°T YIATT
781070 S620°0- ¥$10°0- 861¢°0- 77800~ 02200 £€00°0- £7€0°0- 6550°0- Te00- 1€90°0- aor
§€C00 ¢s10°0- 0200~ 896770~ LYLT'0- 1€20°0 9590°0~ €100~ 0€CI°0- L2000~ LLYT0- b: (0]
838100 12€0°0- €510°0- 061¢°0- w800~ 08200 €120°0- 0¢t0°0- 9850°0- 062¢0°0- £790°0- aimnorip
16200 SL100- r00- 1S67°0- TELT'0- 05200 0890°0- CL100- 11E10- 810070~ €9S1°0- amnort
woro $00L°0- 60100 §€s0°0- 9¢10°0 6L00°0- £€€0°0 ¥060°0- CLT00- 9860°0- ¢€00°0- | TVOIDIVP
S1¥0°0- 8LS00 €910°0- 1S€1°0- 02100~ 96100~ 16€0°0- S120°0- 5€0°0- L8Y0°0- ¥2S0°0- TVAIDIV




